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A fault detection method based on
artificial intelligence for sensors

Wang Zhiwu
(Xi’an Aerospace Propulsion Test Technique Institute, Xi’an 710100, China)

Abstract: In rocket engine ground hot tests, the probability of sensor fault is much larger than
components of the rocket engine, so methods based on astificial intelligence (Al) are proposed for
sensor fault detection and diagnosis. The characteristics of AI methods are analyzed and a factual
example is presented by Back Propagation neural network and Adaptive Neural Fuzzy Inference
System (ANFIS). The result shows that the Al methods are steady in running, so it is of great

engineering application value.
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