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Application of Bayesian classifier to fault diagnosis
of liquid propellant rocket engine
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Abstract: The application of data mining in fault diagnosis of rocket engine is analyzed in this
paper. Two representative Bayesian classifier——Naive Bayesian classifier and TAN classifier are
used to calssify the faults of liquid propellant rocket engine, and the trial run data of a rocket engine
and simulation data are diagnosed. The results is correspond to real hot run. Therefore, the verified
Bayesian classifier can be used in fault diagnosis of liquid rocket engine.
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Tab.2 The result of fault diagnosis
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