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Abstract; SVM which is based on machine learning algorithm is a method for pattern classifi-
cation. The advantage of SVM is to solve the small samples, no-liner and pattern recognition with
high dimension. In this paper, the method of SVM is used in fault diagnosis for the data of practical
LRE trial run and simulated model. The SVM classifier detects the four faults of heat run complete-
ly. Among the eighteen groups of simulated model data, seventeen groups of them can be detected,
although incorrect warnings are happened during four groups detecting. Through learning and detect-
ing on the four groups again, the faults are divided and detected correctly.
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Tab.2 Monitoring parameters of simulation model
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Tab.3 Detection precision table of simulation model

ME 1 2 3 4 5 6 7 8 9
1 1
2 1
3 0.5
4 1 0.5
5 1 1
6 1
7 1
8 1 1
9 1 1 1
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Tab.4 Result of fault detection for the first time
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Tab.5 Monitoring parameters of practical test
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Tah.6 Nlustration of practical test fault data
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Tab.7 Detection result of the practical test data
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Fig.2 The flow chat of faults detection
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