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Application of BP neural network in characteristics

identification of frame structure

Li Feng Yuan Junshe
(Xi‘an Aerospace Propulsion Institute, Xi‘an 710100, China)

Abstract; Because of the boundary condition uncertainty for the frame structure of rocket en-
gine in establishing the dynamic model of engine, the characteristics of structural stiffness boundary
will be identified with neural network in this paper. It would take the modal frequencies of engine as
inputs, and the X, Y, Z-axis of stiffness boundary as outputs. Then the way of adding training
samples improve the learning speed and mapping capability. Finally, the results reach the prospec-
tive goal, and the FEM (Finite Element Method) calculations can meet the engineering require-

ments.
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Fig.4 Stiffness boundary simulation of the frame
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